
ORIGINAL PAPER

Review of Managerial Science
https://doi.org/10.1007/s11846-024-00790-w

Abstract
Our research investigates the role of social media communication in amplifying 
high-quality information and its impact on the success of ICOs in achieving their 
soft cap. We analyzed data from 3,644 ICOs and the demographics of 1,987 CEOs, 
CFOs, and CTOs to compare their quality attributes against their number of social 
media followers. Our findings reveal that the most significant factors for reaching 
the soft cap are the number of followers and team size, while the competencies 
(education and skills) of the management team have a very marginal effect, even 
when enhanced through social media. This indicates that widespread social media 
signals can positively influence investor behavior without necessarily reducing in-
formation asymmetries regarding the quality of the team. We propose that this effect 
arises from the combination of minimal investment amounts and stimulated herding 
behavior among investors.
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1  Introduction

The constant quest for new financing sources by startups, alongside emerging tech-
nologies, has recently spawned various novel financial instruments in an explosive 
manner (Sun et al. 2023). Innovator-led instruments such as reward crowdfunding, 
equity crowdfunding, and peer-to-peer lending (Ahlers et al. 2015; Belleflamme et 
al. 2014; Wei Shi 2018), and more recently, Initial Coin Offerings (ICOs) (Adhami et 
al. 2018; Bellavitis et al. 2021; Fisch 2019) promise to support start-ups with raising 
capital (Alaassar et al. 2023). ICOs utilize blockchain technology to issue tokens that 
either provide investors with a stake in the venture (security tokens) or access to a 
service offered by the venture (utility tokens).

Similar to equity crowdfunding and IPOs, ICOs enable entrepreneurs to raise 
funds directly from a broad investor base at lower costs by bypassing intermediar-
ies and regulations (Chen 2018; Fink et al. 2020b; Mollick 2014; Nakamoto 2008). 
However, the direct engagement between entrepreneurs and investors also implies 
that investors cannot depend on professional intermediaries for due diligence (Dia-
mond 1984), making it difficult to assess the quality of the project. This challenge is 
primarily due to high information asymmetry, often stemming from the venture’s lack 
of history (Ang 1992; Berger and Udell 1998, 2006; Fink et al. 2020a; Winborg and 
Landstroem 2001). In such scenarios, investors must rely on signals (Spence 1973, 
2002), whether through information voluntarily shared by the startup (e.g., posts on 
social media) or through involuntarily disseminated information (e.g., the education 
and skills of the management team) (Ante et al. 2018). While ICO researchers, such 
as Adhami et al. (2018), focus on the effects of voluntarily disseminated signals on 
investor decision-making, the impact of involuntarily disseminated signals remains 
underexplored.

Recognizing the critical role of the management team in a venture’s success 
(Brinckmann et al. 2011; Ortu et al. 2017; Sapsed et al. 2002; Thompson et al. 1996), 
we investigate whether social media communication enhances the impact of such 
high-quality and non-voluntarily disseminated information, thereby influencing the 
success of ICOs in achieving their soft cap (i.e., the minimum target amount of fund-
ing needed to support the project).

To address our research question, we focus on two primary objectives: (1) iden-
tifying publicly accessible signals that provide relevant information for evaluating 
a venture’s potential, and (2) examining the impact of these signals on the success 
of the ICO, specifically in terms of the likelihood of securing the necessary funds to 
reach its soft cap. We collected data from 3,644 ICOs, linking it with information 
about 1,987 CEOs, CFOs, and CTOs extracted from their LinkedIn profiles. Our 
dataset includes publicly available details such as team size, and the competencies 
of these C-level executives (education and skills), which serve as indicators of an 
ICO’s quality. We contrast these quality signals with more communication-oriented 
signals, such as the number of followers on the ICOs’ Twitter and Telegram accounts 
and on the managers’ LinkedIn profiles. Our analysis includes controls for significant 
external events, utilizing data from Google Trends. To address potential endogeneity 
issues, we employ Stata 17 for regression analysis, carefully examining the effects 
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and interactions among these variables and their contributions to achieving the ICO’s 
soft cap.

We hypothesized that ICO ventures would utilize their social media channels to 
communicate quality and amplify its impact, enabling investors to use these ampli-
fied signals to assess the management team’s competence and make more informed 
decisions. Our expectations also included that a larger team size and higher C-level 
competence would positively affect the likelihood of reaching the soft cap, especially 
when these attributes are highlighted through vigorous social media engagement.

Contrary to our expectations, our findings indicate that while the number of social 
media followers and team size are critical in achieving the soft cap, the competencies 
of ICO managers, surprisingly, do not influence outcomes, even when considering 
the amplifying effect of social media.

Our study contributes to the understanding of ICO funding success in several 
ways, leveraging one of the largest datasets used in ICO analysis to date and build-
ing on prior research (e.g., Moro and Wang 2019; Fiedler and Sandner 2017; Jin et 
al. 2017). First, we extend the findings of previous ICO research, which emphasized 
Twitter, by demonstrating that the significance of social media presence is consis-
tent across various platforms. Second, we expand upon signaling theory (Spence 
19732002) by showing that while signals reaching a broad audience can positively 
impact the issuer, they do not necessarily diminish information asymmetries. Our 
results suggest that ICO investors primarily rely on visible cues, such as the popular-
ity of the ICO on social media, rather than the education and skills of the manage-
ment team. Third, our analysis reveals that the joint effect of low investment risk and 
herding behavior encourages investors to focus more on the volume of social signals 
rather than their quality. These insights are not only academically valuable but also 
practical for marketing managers and investors. They underscore the critical role of 
social media followers in ICO success and suggest areas for ventures to enhance their 
communication strategies. Importantly, we advise investors to be discerning with the 
limited reliable information available to improve their decision-making processes.

2  Blockchain and initial coin offering

Blockchain technology is a distributed ledger that operates on a peer-to-peer basis 
and is secured through cryptography. It is considered by some as a potential succes-
sor to central processing authority (Narayanan et al. 2016; Pilkington 2015). This 
technology allows for a decentralized database that is maintained across a global net-
work of computers, or nodes, which communicate over the internet using hash func-
tions. This ensures that no single authority can control all the information, and the 
system remains robust even if one or more nodes fail (Nakamoto 2008; Narayanan 
et al. 2017). When a transaction is initiated, it generates a new block that is added 
to the blockchain, validated by a distributed algorithm, and then communicated to 
all nodes to maintain a decentralized consensus within the network. The resilience 
and reliability of blockchain make it suitable for a wide range of transactions, from 
monetary exchanges to contracts. This includes the issuance and transfer of tokens 
that either represent ownership stakes in a venture (security tokens) or provide access 
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to services offered by a venture (utility tokens) (Adhami et al. 2018; Chen 2018; 
Narayanan et al. 2017).

Initial Coin Offerings (ICOs) are defined by Adhami et al. (2018) as ‘an open call, 
through the Internet, for the provision of cryptocurrencies in exchange for tokens 
generated through smart contracts and relying on blockchain technology.’ Since 
becoming popular in 2016, ICOs have primarily been used to finance new, often 
highly technological startups, peaking in 2017 with $5.3 billion raised globally. The 
tokens issued in ICOs resemble shares and can also be traded as crypto assets on 
secondary markets, which function similarly to stock exchanges (Corbet et al. 2019; 
Fisch 2019; Jackson 2018; Kajtazi and Moro 2019; Moro and Wang 2019; Civardi 
et al. 2023).

Because the process does not involve intermediaries, it remains largely unregu-
lated (Fisch 2019; Howell et al. 2020; Murphy 2018), allowing startups to raise funds 
directly at low costs (Adhami et al. 2018; Howell et al. 2020; Fisch 2019; Huang 
et al. 2020). Moreover, ICOs enable ventures to access investors globally without 
geographical or legal constraints and allow investors to contribute minimal amounts 
to new and innovative projects, potentially enhancing the ability to raise significant 
funds (Howell et al. 2020; Huang et al. 2020; Yermack 2017). Digital crypto assets 
traded on secondary markets—usually operated by privately owned and unregulated 
platforms—offer ease of transferability, a key difference from equity crowdfunding 
or peer-to-peer lending (Lukkarinen et al. 2016; Civardi et al. 2023). This transfer-
ability introduces a speculative motive for investors, similar to trading shares after an 
Initial Public Offering (IPO), whereby like shareholders, investors may participate in 
ICOs anticipating substantial aftermarket returns.

2.1  Theory and hypotheses

Entrepreneurial firms and startups are typically marked by significant information 
asymmetry between founders and investors. While entrepreneurs and managers often 
have a clear understanding of their team’s capabilities, they may lack the ability or 
willingness to provide detailed information (Lowry et al. 2014). Resource constraints 
in very young ventures may also lead to the use of entrepreneurial marketing tech-
niques characterized by high risk-taking (Eggers et al. 2020). These opaque quali-
ties make it difficult for external fund providers to accurately assess the firm’s risk 
(Berger and Udell 1998, 2006).

In the context of ICOs, this asymmetry is even more pronounced (Kristoufek 
2015). Many blockchain-based projects are pioneering new markets, dealing with the 
inherent challenges of technical innovation and uncertain demand, often proposing 
services or products for markets that do not yet exist (Park et al. 2020; Breidbach and 
Tana 2021). Consequently, investors frequently have minimal information to evalu-
ate the potential costs, risks, and returns of an investment. Additionally, the complex-
ity of ICO processes must be communicated to a public that often possesses limited 
understanding of such mechanisms (Chester 2017; Cohney et al. 2019; Long 2018).

Assessing the merit of investments in environments characterized by high asym-
metry and uncertainty involves analyzing both voluntarily disseminated signals, such 
as social media postings, and involuntarily disseminated signals, like the education 
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and skills of the management team (Amsden and Schweizer 2018; Moro and Wang 
2019; Ofir and Sadeh 2020; Yadav 2017; Spence 2002, 1973). For instance, Sen-
dra-Pons et al. (2024) showed how different information disclosure strategies lead 
to crowdfunding success and even overfunding, and de Sousa-Gabriel et al. (2024) 
illustrated how investor sentiment generated from social networks influenced their 
investment behaviours. These signals are crucial for reducing information asymme-
try, as noted by Stiglitz (2002). Signaling theory, widely used in management litera-
ture, identifies insiders such as board members, founders, and executives as primary 
signalers. They possess knowledge about individuals, products, or organizations 
that is typically inaccessible to outsiders like investors, customers, and competitors 
(Spence 1973; Ross 1977).

According to Stiglitz (2000), the most critical informational asymmetries pertain 
to quality and intent. Kirmani and Rao (2000) differentiate between high- and low-
quality firms, Kreps and Wilson (1982) link quality to reputation, and Certo (2003) 
correlates quality with prestige. Financial economists argue that certain corporate 
behaviors, such as levels of firm debt (Ross 1973) and dividend policies (Bhattacha-
rya 1979), signal firm quality. Entrepreneurship research has largely focused on the 
signaling value of venture capitalist and angel investor backing, primarily examining 
leaders of startup and IPO firms as signalers, with shareholders and debt holders as 
the receivers (Elitzur and Gavius 2003; Bruton et al. 2009; Zimmerman 2008; Certo 
et al. 2001; Elliot et al. 2009).

However, signalers and receivers often have conflicting interests, leading to situ-
ations where inferior signalers may be incentivized to ‘cheat’ by emitting deceptive 
signals (Johnstone and Grafen 1993). This issue is particularly pronounced in ICOs, 
where the quality and veracity of signals are frequently complicated by moral hazards 
(Momtaz 2021a).

Past research on Initial Coin Offerings (ICOs) primarily measures success in terms 
of total funds raised, ability to reach the minimum target amount (soft cap), or post-
ICO market performance. Given that the total amount raised can vary significantly 
based on the venture’s industry and strategic approach (e.g., asset-intensive versus 
light asset projects), the soft cap provides a more inter-industry comparable metric. 
This metric is particularly useful when exploring the determinants of ICO success 
from the investors’ decision-making perspective across different industries. Reaching 
the soft cap indicates that a firm has secured sufficient funds to proceed through the 
startup phase as planned in its business plan.

Prior studies have applied signaling theory to analyze the impact of voluntarily 
disseminated signals on ICO outcomes, examining factors such as the availability 
of source code, presales to specific institutional investors, jurisdiction specifications, 
and the presence of hard caps during presales as illustrated in white papers (Adhami 
et al. 2018; Amsden and Schweizer 2018; Fisch 2019). Specifically focusing on the 
soft cap, research has shown that adherence to platform regulations and detailed tech-
nical and financial project information significantly increase the likelihood of reach-
ing this goal, more so than softer types of information (Moro and Wang 2019).

Considering that ICOs predominantly operate online, social media emerges as the 
primary channel for signal dissemination. During ICO campaigns, communication 
mainly occurs through platforms like Twitter (now X) and Telegram. Research indi-
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cates that positive language and consistent community engagement on these plat-
forms are linked to higher funding levels (Albrecht et al. 2020; de Sousa-Gabriel et 
al. 2024). Consistently, the level of Twitter activity, the number of tweets, and the 
amount of Twitter followers have been found to significantly boost ICO success in 
terms of funds raised (Fiedler and Sandner 2017; Fisch 2019; Benedetti and Kos-
tovetsky 2021; Ante and Fiedler 2017; Howell et al. 2020; Jin et al. 2017). Based on 
this evidence, we hypothesize similar positive impacts on reaching the soft cap. As a 
robust investigation of social media communication should encompass various plat-
forms, our first set of hypotheses will consider different social media channels and 
their levels of activity (Gartner et al. 2021).

H1a: A higher number of Twitter followers of an ICO is positively associated with 
the likelihood of the ICO reaching its the soft cap.

H1b: A higher number of Telegram followers of an ICO is positively associated 
with the likelihood of the ICO reaching its the soft cap.

H1c: A higher number of LinkedIn followers of an ICOs C-Level individual is 
positively associated with the likelihood of the ICO reaching its the soft cap.

Consistent with prior research on startups (Bosma et al. 2004), studies on ICOs 
emphasize the significant role of the characteristics of the ICO leadership team in 
securing venture success (Amsden and Schweizer 2018; Howell et al. 2020; Momtaz 
2021a). Key factors such as CEO status (Wang and Song 2016), board characteristics 
(Certo 2003), the digital entrepreneur’s profile (Felicetti et al. 2024), and especially 
the personal competencies of entrepreneurs (Busenitz et al. 2005) have been shown 
to positively impact investors’ decisions, thereby influencing a firm’s ability to secure 
its targeted funding amounts (Cerchiello et al. 2021; Amsden and Schweizer 2018).

The competencies of management teams, which encompass formal education and 
other acquired experiences, trainings and skills (Patrício and Ferreira 2024; Busenitz 
et al. 2005; Brinckmann et al. 2011; Ortu et al. 2017; Sapsed et al. 2002; Thompson 
et al. 1996), form the basis for our analysis. We follow a multi-faceted approach to 
evaluating these competencies by assessing skills and education individually, and 
then combining them into a ‘competency’ metric to research the overall interaction.

First, we employ the number of endorsements for specific skills on LinkedIn 
profiles as a publicly accessible measure of non-formal training and other acquired 
expereinces and skills of C-level managers. This method leverages a readily avail-
able data source to assess the expertise and qualifications that contribute to leadership 
effectiveness. Based on this, we formulate the following hypothesis:

H2a: A higher number of endorsements for each C-level executive is positively 
associated with the likelihood of the ICO reaching its soft cap.

In addition, formal education is a critical signal that may influence an ICO ven-
ture’s success. A deeper level of formal education in specialized areas such as tech-
nology, management, and finance equip the management team with the necessary 
background to quickly and effectively address challenges that arise during the early 
stages of a firm’s development. Properly assessed, this serves as a strong indica-
tor that the project will be effectively managed throughout its execution (An et al. 
2019; Ante et al. 2018; Burns and Moro 2018; Momtaz 2021b; Howell et al. 2020; 
Roosenboom et al. 2020; Yadav 2017; Amsden and Schweizer 2018). Based on this 
understanding, we propose the following hypothesis:
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H2b: A higher level of formal education for each C-level executive is positively 
associated with the likelihood of the ICO reaching its soft cap.

Given the pivotal role of social media as the primary communication channel 
between ICOs and investors (Moro and Wang 2019; Mohit 2017; Amsden and Sch-
weizer 2018; Yadav 2017), and its influence on ICO success, we expect that ICOs 
utilize their social media platforms to broadcast and amplify signals related to man-
agement competencies (education and skills). Furthermore, we anticipate that inves-
tors consider these publicly available signals about the quality of the management 
team in their investment decisions, irrespective of whether the ICO has actively high-
lighted these aspects or not. To investigate whether the publicly visible competencies 
of C-level management are consciously utilized as a positive signal in correlation 
with social media metrics, we propose the following hypotheses:

H3a: The interaction between a higher competency level of the C-level team and 
the number of an ICO’s Twitter followers is positively associated with the probability 
of reaching the soft cap.

H3b: The interaction between a higher competency level of the C-level team and 
the number of an ICO’s Telegram followers is positively associated with the prob-
ability of reaching the soft cap.

H3c: The interaction between a higher competency level of the C-level team and 
the number of individual C-level LinkedIn followers is positively associated with the 
probability of reaching the soft cap.

3  Data, methodology, variables and controls

3.1  Data

Empirical analysis of new venture creation based on samples of established firms is 
prone to survival bias (Gudmundsson and Lechner 2013) as public records do not 
contain start-ups that did not complete the process of market entry (Aldrich 1999). 
Similarly, research among failed business founders is often susceptible to a hind-
sight/retrospective bias (Cassar and Craig 2009) as entrepreneurs tend to incorrectly 
recall and report circumstances and facts (Dimov 2007). In fact, census data is only 
available for very few research projects, and most researchers must rely on carefully 
selecting representative samples and conscientious application of statistical methods 
to reduce selection bias (Winship and Mare 1992). However, collecting data from a 
near census is generally feasible for those sectors/sub-sectors of the economy where 
the sampling frame is relatively small and where observation of a phenomenon can 
be ensured in its entirety (Flint et al. 2002). Initial Coin Offerings (ICO) falls into this 
category because the number of ICOs initiated, albeit in a large number, is limited 
due to the clearly defined time frame of its existence. More importantly ICOs are a 
purely digital phenomenon with clear and hard-to-remove digital footprints, even 
from those projects that never succeeded and only existed for a short time.

The strategy of this study is to collect near-census data and followed a system-
atic approach to reproduceable identify, evaluate, and interpret the existing body of 
recorded documents, in our case to identify the relevant data sources about ICOs.
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Our data collection took place between January and September 2021 and started 
with a search of all publications available in the academic database ProQuest.com. 
The search was conducted among all articles containing the string “initial coin 
offering” in the title, abstract or keywords regardless of publication time, status as 
peer-reviewed or language. This query returned 319 hits, resulting in 254 unique 
and full-text accessible publications. The articles were imported into a text analysis 
software to find and extract all web links the complete text contained to identify 
ICO or platforms containing data about ICO. The identified links were sorted and 
classified manually, resulting in the identification of 134 individual ICOs and, more 
importantly, in 34 online platforms, rating and news sites and other online resources 
that had listed additional ICOs. This collection was then supplemented by a Google, 
web forum and social media search, using keywords like “ICO list”, “ICO data-
base”, “ICO ratings”, and equivalent search strings to identify additional 69 online 
resources. All 103 URLs were then looked up in the “similarweb.com” service, an 
online database to identify similar online resources, which added another 18 links to 
the collection, resulting in a total of 121 web domains. Of these 121 URLs, 23 did 
not contain ICO lists or were off-topic, and 43 were already offline. We manually 
collected all ICO entries from the 55 remaining online resources, including eight 
resources that were still online but stopped being updated after the initial ICO hype 
between 2017 and 2020. In addition, we also collected data from 16 offline websites 
that could partly be restored by accessing web archives or accumulating content from 
their orphaned but still online social media accounts. This particularly time-consum-
ing step was necessary to get as complete as possible collection of all ICOs, includ-
ing the previously mentioned short-lived and failed projects that can no longer be 
accessed on current trading platforms. After consolidating and cleaning for multiple 
entries, the exhaustive data collection approach led to the identification of 16,541 
individual ICO projects between the period 2013 and 2021. All data gathered from 
the various sources, including the related LinkedIn profile links, were merged using 
an Excel script, manually completing, and correcting missing content via the original 
ICO websites, social media accounts or white papers. Care was taken to ensure that 
the number of followers corresponded to that at the time of the start of the ICO. This 
historical data was taken from the social media snapshot that information platforms 
such as ICObench or ICOgecko had taken at the time the campaign started. A similar 
careful approach was applied to obtain the team information. To record the original 
founding team, the profiles of the founders named in the white paper were used. We 
first downloaded all 4,853 available whitepapers and imported them into text analy-
sis software to find and extract all LinkedIn links the text contained. In addition, we 
collected all LinkedIn profile links from the official ICO websites. After cleaning 
multiple entries, this approach allowed us to manually export the publicly accessible 
LinkedIn Profile information of 1,987 individual CEOs, CFOs, and CTOs.

3.2  Methodology

Given that our dependent variable is a dummy (reaching soft cap), we estimate our 
regressions using a probit approach. We also re-estimate the model by using logit 
regression. All the regressions are estimated using a robust standard error approach 
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to deal with potential heteroskedasticity issues. Neither do our specifications suffer 
from reverse causality (from both the logical and temporal point of view, it is impos-
sible that reaching the soft cap impacts the number of followers or the education/
skills of the CEO, CFO and CTO) nor from simultaneity (from both the logical and 
temporal point of view, there is no reason for reaching the soft cap and the number of 
followers/the education/skills of the CEO, CFO, and CTO to be jointly determined). 
However, we cannot rule out that we are omitting a variable that affects both social 
media and reaching the soft cap so that the relation suggested by the regression is, 
in fact, spurious. The same applies to CEO, CFO and CTO skills and education. To 
deal with such an issue, we re-estimated our model by instrumenting the independent 
variables Twitter followers with the dimension of the marketing team in the ICO: a 
larger marketing team is expected to influence the intensity of social media activity. 
However, at the same time, it will not influence the decision of investors to invest 
in the venture, so it does not directly impact the probability of reaching the soft 
cap. This variable satisfies the exclusion criteria. For the education/skills, we use the 
proportion of the population with a university degree in the country where the CFO/
CTO/CEO is born. The more significant the proportion of the population with a uni-
versity degree in a country, the greater the probability that the CEO/CFO/CTO has 
a university degree and is more skilled. Thus, the variable is correlated to education 
and skill. At the same time, it does not impact the dependent variable satisfying the 
exclusion criteria. We estimate the regressions using the Stata17 software package, 
and the standard errors are estimated using the robust approach to deal with possible 
heteroskedasticity issues.

3.3  Dependent variables, independent variables and controls

The analysis focuses on whether the venture was able to reach its soft cap or not. 
Thus, we use a dummy for the dependent variable with a value of 1 in case the soft 
cap is reached and 0 otherwise.

The independent variables indicate the level of skills (number of endorsements in 
management, finance, or technical areas) and education (number of years in univer-
sity education) of the CEO, CTO and CFO. As the distribution of the skills is highly 
skewed, we transform the independent variable into its natural log by applying the 
transformation log(1 + value) to retain all the original observations. In addition, we 
use the (natural log of) Twitter, Telegram, and LinkedIn followers of the firm as 
a metric to measure the impact of social media activity of the firm. Also, in this 
case we apply the transformation log(1 + value) to retain all the original observa-
tions. Moreover, to explore the joint effect of education/skills and social media, we 
generate interacted variables by multiplying the number of followers for the different 
platforms by the years in education and the (log of) endorsements again by applying 
the transformation log(1 + value).

We include a set of controls, both venture and context specific. Among the ven-
ture-specific controls, we used dummies that identify the industry the ICO operates 
in (Crypto, Fintech, Consulting, Entertaining, Health and Social), whether the ven-
ture implements a KYC or an MVP, restricts its ICO sales, offers a pre-ICO sale or 
bonuses or maintains a whitelist. All these variables signal quality and thus should 
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positively impact the amount raised. We also include the type of currency accepted 
(USD, EUR, or other fiat currencies and BTC, ETH) because greater flexibility in 
accepting currencies should be more effortless for investors and, thus, result in a 
greater probability of reaching the soft cap. To account for contextual factors, we 
include Google trend indexes about “ICO” at the time of the ICO because the level of 
popularity of these themes during the ICO should positively impact the funds raised. 
The same applies to the area where the ICO is located (split between EU, Europe 
non-EU, North America, Central America and the Caribbean, South America, Pacific 
Basin, and Asia – Africa is represented by 0 in all the other dummies). Finally, we 
include dummies that control C-level managers participating in more than one ICO 
and the number of team members.

4  Results

The descriptive statistics related to the dataset we use are reported in Table 1.
Around 37.27% of the firms in our sample successfully reached the soft cap and 

secured their funding. The ICO teams consist of 1 to 20 members, with a mean of 
10.19 team members. The CEO is involved in other ICOs in 27.8% of the cases sug-
gesting some level of cross-fertilization among different projects. The c-level team 
has between 0 and 9 years of university education, with an average of 1.83 years for 
CEOs and 1.29 for CTOs. However, CFOs have only 0.43 years of university educa-
tion, suggesting that past education is not considered relevant for the financial role. 
As perceived by the community, the skills show, on average, 23.51 endorsements in 
management and 8.76 in entrepreneurship for CEOs. CTOs have an average of 18.84 
endorsements in technology, and CFOs only have 2.87 endorsements in finance. The 
joint reading of education and endorsements suggests that skills and education are not 
core regarding the financial role. As far as social media is concerned, the ICOs have, 
on average, 5,821 Twitter followers and 4,841 Telegram followers.

Table 2 reports the regression with the controls only. The result suggests that the 
industry affects the probability of reaching the soft cap. At the same time, the role of 
the area where the firm is headquartered is marginal (only North and South America 
dummies are significant). The same applies to currency (only USD is significant and 
negative), while information about the ICO (KYC, whitelist, MVP, bonus) is signifi-
cant. The popularity of the ICOs (measured by Google Trends) is significant and neg-
atively related to the probability of reaching the soft cap only in the case of the CFO’s 
involvement in other ICOs. Finally, the size of the team (number of team members) 
is significantly and positively associated with the probability of reaching the soft cap.

The results of the C-level skills are reported in Table 3.
For space reasons, the control variables (included in the estimation process) are 

not reported in the table. However, regarding the control variables, there are no rel-
evant changes vis-à-vis the regression reported in Table 2. The first column reports 
the result of the log of the individual skills, the second the results for the log of the 
team skills, the third the results for the log of the social media followers, and the 
fourth the results for the log of the individual skills combined with the number of 
social media followers and the fifth the results for the log of the team skills combined 

1 3



Followers beat content: social media and the managers in initial coin…

Variables N Mean Standar 
deviation

Min Max

Pre ICO sale 3,644 0.3754 0.4843 0.0000 1.0000
Funds raised dummy 3,644 0.3727 0.4836 0.0000 1.0000
Telegram followers (firm) 2,103 4,841.8112 10,164.3810 2.0000 100,000.0000
Number of members of the team 3,644 10.1932 5.8548 1.0000 20.0000
CEO participating in multiple ICOs 3,644 0.2780 0.4481 0.0000 1.0000
CTO participating in multiple ICOs 3,644 0.1847 0.3881 0.0000 1.0000
CFO participating in multiple ICOs 3,644 0.0571 0.2320 0.0000 1.0000
Google ICO 2,419 16.9248 10.4003 6.0000 54.0000
Search Engine Hits For NameICO 3,644 342,891.9885 4629037.4709 0.0000 1.2600e + 08
Search Engine Hits For URL 3,611 1200200.3739 3.9240e + 07 0.0000 1.3600e + 09
CEO endorsements in management 3,644 23.5162 57.6907 0.0000 559.0000
CEO Entrepreneurship Skills 3,644 8.6776 29.4787 0.0000 198.0000
CTO endorsements in Management 3,644 8.1293 31.3040 0.0000 469.0000
CTO endorsements in Technology 3,644 18.8241 46.6658 0.0000 495.0000
CFO Management Skills 3,644 3.2442 17.5227 0.0000 270.0000
CFO endorsements in finance 3,644 2.8724 18.9495 0.0000 424.0000
ICO with White List 3,644 0.2678 0.4429 0.0000 1.0000
ICO implementing Know Your 
Customer

3,644 0.4435 0.4969 0.0000 1.0000

ICO implementing Minimum Vi-
able Product

3,644 0.2228 0.4162 0.0000 1.0000

ICO offering bonus 3,644 0.3381 0.4731 0.0000 1.0000
Ether accepted 3,644 0.6597 0.4739 0.0000 1.0000
Bitcoin accepted 3,644 0.3460 0.4758 0.0000 1.0000
Common currencies accepted 3,644 0.1089 0.3116 0.0000 1.0000
USD accepted 3,644 0.0494 0.2167 0.0000 1.0000
EUR accepted 3,644 0.0080 0.0889 0.0000 1.0000
Twitter Followers (thousands) 2,379 5.8281 19.6082 0.0020 658.3540
European Union 3,644 0.2086 0.4063 0.0000 1.0000
Non European Union 3,644 0.1471 0.3542 0.0000 1.0000
North America 3,644 0.1076 0.3099 0.0000 1.0000
Central America and Caribbean 3,644 0.0524 0.2229 0.0000 1.0000
South America 3,644 0.0099 0.0989 0.0000 1.0000
Pacific Basin 3,644 0.0357 0.1855 0.0000 1.0000
Asia 3,644 0.0480 0.2138 0.0000 1.0000
Crypto 3,644 0.2248 0.4175 0.0000 1.0000
Fintech 3,644 0.1748 0.3799 0.0000 1.0000
Consulting 3,644 0.1754 0.3803 0.0000 1.0000
Entertaining 3,644 0.1098 0.3126 0.0000 1.0000
Health Social 3,644 0.0469 0.2115 0.0000 1.0000
Number of Linkedin followers 
(Team)

3,644 3,440.6699 8,862.3163 0.0000 418,336.0000

Team endorsements in Management 3,644 46.2311 87.4830 0.0000 676.0000
Team Financial Skills 3,644 12.9152 45.7335 0.0000 594.0000
Team Technical Skills 3,644 40.1932 73.5703 0.0000 716.0000
Number of years in University 
education (CEO)

3,644 1.8310 2.4458 0.0000 9.0000

Table 1  Descriptive statistics
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with the number of social media followers. All the regressions are based on 1,978 
individual team member observations or 1,446 ICOs with social media accounts. All 
the regressions we present in the analysis section do not suffer collinearity (the largest 
VIF is always smaller than ten, and the average VIF is between 1 and 2). The fact that 
we estimate the regressions using robust estimation of the standard error also deals 
implicitly with any heteroskedasticity issue. Besides, by using the log of the original 
values, we also reduce any estimation issues linked to outliers.

The first regression explores the role of C-level skills. The regression is signifi-
cant, but the independent variables suggest that the managerial, financial and techni-
cal skills of CEOs, CFOs and CTOs do not affect the ICOs’ probability of reaching 
their soft cap. The same is true for the second regression, which examines the combi-
nation of skills at the team level. The third regression explores the role of the number 
of social media followers. It shows a positive and significant effect on the ICOs’ 
Twitter and Telegram accounts but not on the individual LinkedIn accounts of CFOs, 
CTOs, and CEOs. The same positive and significant effect remains in regressions 
four and five when the number of social media followers is combined with the skills 
on the individual or team level.

The results of the C-level education are reported in Table 4: the first column reports 
the result of the individual education, the second the results using dummies indicat-
ing the highest degree gained by the manager, the third one the results for the team 
education, the fourth, fifth and sixth one adds the log of the social media followers.

The first regression suggests that years of education are not relevant in granting 
funds. When it turns to the degree obtained, a master’s degree gained by the CEO is 
marginally negatively related to securing finance. The same applies to the CFO gain-
ing a master while a CFO having a degree is positively associated to securing finance. 
It seems that it is more important that the CFO has a solid basic university knowledge 
than an advanced one. When we look at the year in university education at team level, 
the variable is significant (p < 0.05) and positively related to securing funds. The first 
three regressions suggest that securing funds is more a matter of overall team educa-
tion than the education of the individual team member. The third, fourth and fifth 

Variables N Mean Standar 
deviation

Min Max

Number of years in University 
education (CFO)

3,644 0.4350 1.4058 0.0000 9.0000

Number of years in University 
education (CTO)

3,644 1.2975 2.2260 0.0000 9.0000

Restriction in ICO sale 3,009 0.4998 0.5001 0.0000 1.0000
Dummy for CEO Bachelor degree 3,644 0.4572 0.4982 0.0000 1.0000
Dummy for CEO Master degree 3,644 0.4643 0.4988 0.0000 1.0000
Dummy for CEO PhD degree 3,644 0.1342 0.3409 0.0000 1.0000
Dummy for CFO Bachelor degree 3,644 0.0025 0.0496 0.0000 1.0000
Dummy for CFO Master degree 3,644 0.0022 0.0468 0.0000 1.0000
Dummy for CTO Bachelor degree 3,644 0.0038 0.0619 0.0000 1.0000
Dummy for CTO Master degree 3,644 0.0058 0.0757 0.0000 1.0000
Dummy for CTO PhD degree 3,644 0.0019 0.0438 0.0000 1.0000

Table 1  (continued) 
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Variables Controls
Crypto 0.4052***

(0.1367)
Fintech 0.5237***

(0.1400)
Consulting 0.4513***

(0.1396)
Entertaining 0.3183**

(0.1477)
Health_Social -0.0191

(0.1736)
European Union -0.0746

(0.0819)
Non-European Union -0.1120

(0.0901)
North America -0.3266***

(0.1093)
Central America and Caribbean -0.0477

(0.1245)
South America -0.5636**

(0.2856)
Pacific Basin -0.0268

(0.1499)
Asia 0.0019

(0.1310)
Ether accepted 0.1167

(0.0988)
Bitcoin accepted 0.0059

(0.0673)
Common currencies accepted -0.0810

(0.0911)
USD accepted -0.2994**

(0.1344)
EUR accepted 0.1166

(0.3033)
ICO with Whitelist -0.1199*

(0.0696)
ICO implementing Know Your Customer -0.1867**

(0.0930)
ICO implementing Minimum Viable Product 0.1585**

(0.0715)
Restriction in ICO sale 0.0876

(0.0852)
Pre ICO sale 0.0191

(0.0618)
ICO offering bonus 0.1232**

(0.0627)
Google_ICO 0.0195***

Table 2  Controls
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regressions explore the effect of social media over and above the education. In all the 
cases, ICOs’ Twitter and Telegram followers are highly significant, while the individ-
ual LinkedIn accounts and searching activity on ICOs’ website are not. Intriguingly, 
the inclusion of the social media does not have any effect on the variables measuring 
education both individually and at team level since they maintain the same sign and 
significance level as in the previous regressions.

Table 5 reports the results by including skills, education, and social media at the 
same time. Interestingly, the results are in line with the previous ones.

Social media (Twitter and Telegram followers) are significant and positively 
related to securing finance. Skills are not significant both at individual and team lev-
els while education is marginally significant at an individual level (only CFO degree 
and master’s).

The interactions of the combined experiences of the C-level managers (skills and 
education) and the number of social media followers are reported in Table 6. The first 
column reports the result including only the log of the interaction at an individual 
level. The second reports the results including the original variables. All the regres-
sions are based on 1,446 observations.

Both regressions show a positive and significant effect for the ICOs’ Twitter and 
Telegram accounts but not for the individual LinkedIn accounts. The same positive 
and significant effect remains in the second regression at a team level. At the same 
time, the interaction between skills and individual education is not significant. The 
results are in line with the previous ones.

The regressions reported confirm our hypotheses 1a and 1b - a higher number of 
ICOs Twitter/Telegram followers of an ICO are positively associated with the prob-
ability of reaching the soft cap – but reject hypothesis 1c for the individual LinkedIn 
accounts of the C-Level managers. Also, we find very weak support to hypotheses 

Variables Controls
(0.0033)

CEO participating in multiple ICOs 0.0933
(0.0654)

CFO participating in multiple ICOs -0.2165*
(0.1210)

CTO participating in multiple ICOs 0.0958
(0.0732)

Number of members of the team 0.0514***
(0.0056)

Constant -1.3382***
(0.1541)

Observation 1,978
Chi .
p 0
r2_p 0.0847
N 1978
Robust standard errors in parentheses
*** p < 0.01, ** p < 0.05, * p < 0.1

Table 2  (continued) 
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Variables Log Individual 
Skills

Log Team 
Skills

Log social 
media

Log Individual 
Skills & Log 
social media

Log Team 
Skills & Log 
social media

Controls Included
CEO manage-
ment skills (log)

-0.0033 -0.0161

(0.0184) (0.0215)
CEO entrepre-
neurial skills 
(log)

-0.0321 -0.0386

(0.0249) (0.0295)
CFO manage-
ment skills (log)

0.0132 -0.0096

(0.0400) (0.0475)
CFO Finance 
skills (log)

0.0200 0.0600

(0.0451) (0.0539)
CTO manage-
ment skills (log)

0.0254 0.0243

(0.0247) (0.0302)
CT technology 
skills (log)

0.0091 0.0097

(0.0192) (0.0226)
Team Manage-
rial skills (ln 
endorsements)

0.0138 0.0025

(0.0167) (0.0206)
Team Finance 
skills (ln 
endorsements)

0.0249 0.0294

(0.0217) (0.0261)
Team Techni-
cal skills (ln 
endorsements)

-0.0023 -0.0020

(0.0164) (0.0195)
Natural Log 
of ICO Twitter 
followers

0.2317*** 0.2382*** 0.2307***

(0.0434) (0.0437) (0.0435)
Natural Log of 
ICO Telegram 
followers

0.0835*** 0.0818*** 0.0835***

(0.0219) (0.0219) (0.0219)
Number of team 
LinkedIn fol-
lowers (log)

0.0000 0.0000 0.0000

(0.0000) (0.0000) (0.0000)
Search Engine 
Hits for 
NameICO

-0.0000 -0.0000 -0.0000

(0.0000) (0.0000) (0.0000)

Table 3  Regressions on C-level skills (individual and team) and the number of social media followers. 
Dependent variable: soft cap reached

1 3



J. Gartner, A. Moro

H2a, H2b and H2c as we only find one minor significant effect on the years of univer-
sity education of the CFO. At the same time, all other skills and educational factors 
did not influence the probability of reaching the soft cap. Finally, we also found no 
support for hypotheses H3a, H3b and H3c.

4.1  Robustness checks

As explained in the methodology section, we re-estimate all the models using logit 
regressions instead of probit regressions. The results (not reported for reason of 
space) are qualitatively like those we obtain with the original model suggesting that 
our results are robust to an alternative estimating process. Moreover, our estimations 
can be subject to endogeneity issues. In fact, given the temporal sequence (education 
and skills as well as the number of followers predate reaching the soft cap) we can 
exclude reverse causality and simultaneity. However, we cannot exclude possible 
omitted variables bias even if the lack of significance in the case of education and 
skills and the rejection of the related hypotheses implicitly nullifies issues related to 
endogeneity (there is no risk of accepting a wrongly tested hypothesis because endo-
geneity has not been properly addressed). Interestingly, the Wald tests on the instru-
mented regressions related to skills and education suggest that the model does not 
suffer from endogeneity. However, we still estimate instrumented regressions to deal 
with possible omitted variable bias for social media. Thus, we estimate the instru-
mented regression in the case of social media by instrumenting the number of social 
media followers with the dimension of the marketing team in the ICO. The results 
are reassuring: the Wald test suggests no need to instrument the regression. However, 
we estimated regressions present results qualitatively like those we obtained in the 
original model as shown in Table 7.

Finally, we made attempts with an alternative set of controls. For instance, we 
include variables measuring the number of words related to marketing, entrepreneur-
ship, and team experience found in the white papers. These variables are always not 
significant, and their inclusion does not affect controls and, more importantly, the 
independent variables.

Variables Log Individual 
Skills

Log Team 
Skills

Log social 
media

Log Individual 
Skills & Log 
social media

Log Team 
Skills & Log 
social media

Search Engine 
Hits for URL

0.0000 0.0000 0.0000

(0.0000) (0.0000) (0.0000)
Constant -1.3372*** -1.3577*** -1.5342*** -1.5178*** -1.5380***

(0.1542) (0.1546) (0.2655) (0.2649) (0.2669)
Observations 1,978 1,978 1,446 1,446 1,446
P 0.0000 0.0000 0.0000 0.0000 0.0000
r2_p 0.0864 0.0857 0.131 0.134 0.132
N 1978 1978 1446 1446 1446
Robust standard errors in parentheses
*** p < 0.01, ** p < 0.05, * p < 0.1

Table 3  (continued) 
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5  Discussion

Our research, utilizing data from 1,978 individual C-level managers, provides 
intriguing insights that extend recent studies on ICOs and enhance our understanding 
of how signals influence venture-investor relations. We discover that the number of 
social media followers significantly increases an ICO’s probability of reaching its 
soft cap, irrespective of the channel used (Twitter or Telegram). Interestingly, the 
number of LinkedIn followers for individual C-level team members does not impact 
the success rate. Additionally, consistent with previous studies, our extensive dataset 
confirms that larger ICO teams are more likely to reach the soft cap.

Contrary to our expectations, we found that neither the formal education nor 
the skills of individual C-level executives—nor the combined competencies of the 
C-level team as a whole—affect the likelihood of reaching the soft cap. Further-
more, interactions between higher levels of C-level management competencies and 
the number of social media followers—both ICO and individual accounts—which 
we anticipated would highlight the visibility of management’s education and skills 
for firms with a large social media following, have no significant impact. This sug-
gests that superficial social media metrics, such as the number of followers, are more 
critical for achieving the soft cap than substantive signals like the education and skills 
of the leadership team.

However, our findings also suggest that potentially high team competencies are 
not fully utilized in communications by either high or low-quality projects. This 
underutilization presents an opportunity for ‘good’ companies to differentiate them-
selves by more effectively leveraging these high-quality signals in their communica-
tion strategies.

A possible explanation for our results lies at the intersection of investors’ fear of 
missing out (FOMO) and their herding behavior (Barnes 2018). FOMO is a psycho-
logical trait where individuals worry about missing rewarding experiences that others 
are having (Beyens et al. 2016; Elhai et al. 2016; Przybylski et al. 2013). ICOs, char-
acterized by high information asymmetry, often involve very young startups pursu-
ing highly innovative yet uncertain projects. This environment makes it difficult for 
even expert analysts to assess projects accurately, and nearly impossible for ordinary 
investors.

In scenarios of significant uncertainty about a project’s future performance, con-
ventional wisdom might suggest abstaining from investment. Yet, potential investors 
may fear missing out on the next major success story like Google, Apple, or Ama-
zon. This concern is magnified for those unfamiliar with the underlying technology 
(Gartner et al. 2022) and those under the acute time pressures typical during ICOs 
(Albrecht et al. 2020). Moreover, the minimal financial commitment encourages 
investors not to spend time on in-depth analysis, leading to ad-hoc investment deci-
sions based on unverified information and emotional biases (Lahajnar and Rozanec 
2018). Consequently, herding behavior emerges, with investors following the per-
ceived wisdom of the crowd (Barnes 2018).

Many investors also adopt a short-term, speculative strategy, planning to quickly 
sell off tokens bought during an ICO once they hit secondary markets. In such cases, 
the educational background and skills of the leadership team are deemed irrelevant as 
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Variables Individual Education, 
Log Individual Skills 
& Log Social Media

Dummy Education, 
Log Individual 
Skills & Log Social 
Media

Log team Skills, 
Team Education 
& Log Social 
Media

Controls included
CEO management skills (log) -0.0216 -0.0201

(0.0221) (0.0222)
CEO entrepreneurial skills (log) -0.0405 -0.0376

(0.0296) (0.0297)
CFO management skills (log) -0.0103 -0.0069

(0.0489) (0.0475)
CFO Finance skills (log) 0.0594 0.0601

(0.0571) (0.0538)
CTO management skills (log) 0.0248 0.0244

(0.0308) (0.0304)
CT technology skills (log) 0.0079 0.0103

(0.0237) (0.0227)
Team Managerial skills (ln 
endorsements)

0.0014

(0.0206)
Team Finance skills (ln endorsements) 0.0274

(0.0262)
Team Technical skills (ln 
endorsements)

-0.0038

(0.0198)
Natural Log of ICO Twitter followers 0.2382*** 0.2376*** 0.2303***

(0.0437) (0.0437) (0.0435)
Natural Log of ICO Telegram followers 0.0816*** 0.0834*** 0.0838***

(0.0219) (0.0219) (0.0220)
Number of team linkeding followers 
(log)

0.0000 0.0000 0.0000

(0.0000) (0.0000) (0.0000)
Search Engine Hits For NameICO -0.0000 -0.0000 -0.0000

(0.0000) (0.0000) (0.0000)
Search Engine Hits For URL 0.0000 0.0000 0.0000

(0.0000) (0.0000) (0.0000)
CEO Years in education (logs) 0.0486

(0.0456)
CFO Years in education (logs) 0.0082

(0.0921)
CTO Years in education (logs) 0.0134

(0.0536)
Dummy for CEO Bachelor degree 0.0241

(0.0789)
Dummy for CEO Master degree 0.0021

(0.0809)
Dummy for CEO PhD degree 0.0564

(0.1045)

Table 5  Regressions on the join effect of C-level skills, education, and the number of social media follow-
ers (dependent variable: soft cap reached)
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these factors are unlikely to impact the token’s value in the immediate future. Instead, 
the hype around the token, which can signal potential future demand, becomes a 
more significant driver of price. This speculative approach is further fueled by herd-
ing behavior and FOMO, encouraging a rush to buy tokens during the ICO for poten-
tial high short-term gains. However, this strategy is risky as there is no guarantee that 
the token will be listed on a platform, and the typically illiquid market for tokens 
means that even small sales can significantly impact prices, potentially undermining 
the potential for profit.

Overall, the popularity of an ICO, often gauged by strong social media presence, 
is mistakenly interpreted as a sign of quality. ICOs with robust social media engage-
ment benefit from this dynamic, at least to the extent of reaching their soft cap. Thus, 
the decision to invest in an ICO often appears to be more driven by instinct than by 
rational analysis.

6  Conclusion

Building on the critical role of management teams in venture success and applying 
signaling theory, our research investigates how social media communication ampli-
fies high-quality signals and influences the success of ICOs in reaching their soft 
cap. We analyzed data from 3,644 ICOs and demographics of 1,987 CEOs, CFOs, 
and CTOs. We focused on team size and the education and skills of C-level manag-

Variables Individual Education, 
Log Individual Skills 
& Log Social Media

Dummy Education, 
Log Individual 
Skills & Log Social 
Media

Log team Skills, 
Team Education 
& Log Social 
Media

Dummy for CFO Bachelor degree 4.2548***
(0.3126)

Dummy for CFO Master degree -3.6035***
(0.6532)

Dummy for CTO Bachelor degree -1.1354
(0.8550)

Dummy for CTO Master degree 0.3205
(0.5988)

Dummy for CTO PhD degree
Number of years in University educa-
tion (team)

0.0097

(0.0144)
Constant -1.5318*** -1.5168*** -1.5494***

(0.2661) (0.2655) (0.2680)
Observations 1,446 1,442 1,446
p 0 0 0
r2_p 0.134 0.135 0.132
N 1446 1442 1446
Robust standard errors in parentheses
*** p < 0.01, ** p < 0.05, * p < 0.1

Table 5  (continued) 
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Variables Interaction edu-
cation and skills, 
& Log Social 
Media

Individual Education, 
Skills, Interaction 
education and skills, 
& Log Social Media

Controls included
CEO management skills (log) 0.0142

(0.0323)
CEO entrepreneurial skills (log) -0.0558

(0.0514)
CFO management skills (log) -0.0730

(0.0711)
CFO Finance skills (log) 0.0341

(0.1092)
CTO management skills (log) 0.0630

(0.0479)
CT technology skills (log) -0.0125

(0.0329)
Natural Log of ICO Twitter followers 0.2356*** 0.2417***

(0.0437) (0.0437)
Natural Log of ICO Telegram followers 0.0838*** 0.0822***

(0.0219) (0.0220)
Number of team linkeding followers (log) 0.0000 0.0000

(0.0000) (0.0000)
Search Engine Hits For NameICO -0.0000 0.0000

(0.0000) (0.0000)
Search Engine Hits For URL 0.0000 0.0000

(0.0000) (0.0000)
CEO Years in education (logs) 0.1038*

(0.0597)
CFO Years in education (logs) -0.0721

(0.1058)
CTO Years in education (logs) 0.0032

(0.0758)
Interactio between CEO Managent skills and education -0.0122 -0.0385

(0.0146) (0.0257)
Interactio between CEO Emtrepreneurial skills and 
education

-0.0151 0.0123

(0.0207) (0.0364)
Interactio between CFO Managent skills and education 0.0212 0.0781

(0.0359) (0.0582)
Interactio between CFO Finance skills and education 0.0268 0.0120

(0.0376) (0.0740)
Interactio between CTO Managent skills and education 0.0036 -0.0306

(0.0231) (0.0378)
Interactio between CTO technical skills and education 0.0141 0.0212

(0.0164) (0.0285)
Constant -1.5418*** -1.5681***

(0.2655) (0.2702)

Table 6  Regressions on the interaction of C-level skills and education and the number of social media fol-
lowers (dependent variable: soft cap reached)
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ers as reliable and publicly accessible quality features of an ICO, contrasting these 
with communicative-oriented signals, specifically the number of followers on Twit-
ter, Telegram, and LinkedIn accounts.

We found that the most crucial factor for reaching the soft cap is the number of 
social media followers and the team size, while competencies related to ICO execu-
tives were deemed irrelevant. This study contributes to theory in three significant 
ways:

First, we expand on past ICO studies by using a much larger database, reinforcing 
findings about the critical role of social media, now known as X. We demonstrate that 
the impact of social media extends beyond Twitter to other platforms, affirming its 
significant role across various channels.

Second, we contribute to Signaling Theory by examining the role of publicly 
accessible information about C-level competencies as both voluntary and involuntary 
signals. Our findings show that signals directed at a large audience positively affect 
the issuer without necessarily diminishing information asymmetries. Specifically, in 
ICOs, information about management competencies, although potentially valuable 
for reducing asymmetries, showed no impact on ICO success. This indicates that the 
volume of signal reception is more crucial than signal quality.

Variables Log Social 
Media

Log 
Social 
Media

Controls included
Instr. Natural Log of ICO Twitter 
followers

0.9503***

(0.2811)
Instr. Natural Log of ICO Telegram 
followers

0.4005**

(0.1908)
Constant -0.6759 1.4706

(0.6176) (1.3792)
Observations 1,446 1,446
p 0.0000 0.0000

Table 7  Instrumented regression 
of the number of social media 
followers (dependent variable: 
soft cap reached)

Standard errors in parentheses
*** p < 0.01, ** p < 0.05, * 
p < 0.1

 

Variables Interaction edu-
cation and skills, 
& Log Social 
Media

Individual Education, 
Skills, Interaction 
education and skills, 
& Log Social Media

Observations 1,446 1,446
p 0 0
r2_p 0.134 0.137
N 1446 1446
Robust standard errors in parentheses
*** p < 0.01, ** p < 0.05, * p < 0.1

Table 6  (continued) 
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Finaly, we shed light on investor intentions by highlighting how herding behavior 
and short-term investment strategies influence decisions. Many investors buy tokens 
during an ICO with the intent to sell them as soon as they are traded, prioritizing 
the potential for a price increase. In such scenarios, the hype around the ICO, often 
reflected through intense social media activity, is more influential in determining the 
future price of a token than the actual skills or education of the leadership team.

In conclusion, our research suggests that investors are more swayed by easily 
accessible, low-quality signals, such as social media intensity, than by high-quality 
but harder-to-access signals, such as team characteristics. This illustrates a non-ratio-
nal behavior pattern among ICO investors and communicators alike, and introduces 
the simplicity of signal accessibility into the signaling discourse, offering critical 
insights into the dynamics shaping ICO markets.

Our findings also provide valuable insights for marketing managers by underscor-
ing the importance of maximizing social media followers for ICO ventures, not only 
on platforms like Twitter but across all official social media channels. This highlights 
a need for marketing strategies that go beyond merely circulating information on 
social media to more effectively communicate the quality of ICOs. For investors, our 
research highlights the value of easily accessible and publicly available information 
on managers’ social media profiles as indicators of quality. This can assist in making 
informed investment decisions.

Given the unexpected finding that management competencies do not significantly 
influence the success of ICOs in terms of reaching the soft cap, future research could 
investigate the long-term financial performance and survival rates of ICOs and their 
correlation with management skills. Although short-term investment strategies may 
overlook the skills and education of the leadership team, the long-term success of 
a firm likely depends on these factors. Further, an in-depth analysis of ICOs’ social 
media discourse could provide insights into how ICO ventures and investors utilize 
management skill levels as a positive signal.

Our study has some limitations. Firstly, while we rely on a sample of 1,978 indi-
vidual observations—one of the largest samples used in ICO research—it is still 
smaller than the total of approximately 16,000 ICOs identified during our dataset 
construction. Therefore, replicating this analysis with a larger or different dataset is 
recommended to validate our findings. Secondly, our study does not include controls 
for the financial performance of ICOs due to data limitations. Future research could 
address this gap by incorporating financial performance metrics or detailed usage of 
funds as these data become available.

Despite these limitations, our research enriches understanding by providing a 
detailed analysis of the role of signals in highly technological firms and expands our 
knowledge of how management teams impact venture-investor relationships.

Data availability  The data supporting this study’s findings are available from the corresponding author 
upon reasonable request.
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